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Markov Chain
̔Past, Present and Future
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̔https://www.americanscientist.org/article/first-links-in-the-markov-chain



Mutual information

Mutual information:

Mutual inforamtion is how much 
information about X that can be obtained by 
observing Y 



Mutual information



Statistical modeling

Bayessian model

Markov Chain

HMM, Viterbi

EM, 
Optimization

Deep learning

More complex model Less data required

The main 
models
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( linear regression equation)
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